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Implementation of Digital Filters in the Framework of MRA
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Abstract For more denoising, a model structure of two-canal filter is analyzed in terms of the
complex frequency domain ( Z -«lomain), and a algorithm for denoising is developed. In comparison
with the digital Hilbert filter, the similar filtering result was obtained with two-canal filter in the
framework of M RA in the wavelet domain. This two—canal filter could be em ployed in multidayer
situation, if the interference among subbands is ignore.
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Fig. 1 Group of two—anal perfect—reconstruction filters

-

2001-02-16 . ’

180 Guangxi Sciences, Vol 8 No. 3, August 2001



] id(2)
ol -
#Eqr| |
ivalent |
twe- s(2)
- )

Fig.3 Equivalent graph of Fig.2
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Fig- 4 Equivalent graph of the dashed framein Fig. 3
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Fg. 6 Amplitude frequency response of Hilbert filter and
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