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Pre-Processing for Data Cleansing
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Abstract For improving the quality of data cleaning, it provides three pre-process methods,
such as eliminating dirty data, using unified abbreviation, data converstion. Based on these
methods, using link table to store replicate recorders algorithm, implementing a data cleansing
system. This cleaning system has a higher veracity than the existing one.
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940101 W uhanch eng Male Hep u no rmal
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Table 1 Data records included dirty data
Student number Name Sex Address
940101 Huhancheng  Male He;()iu normal
academy )
940102 . F Cangwu county
Hexuelian high school , ,
940103 W uchengw ei M Hesﬁllap f?lty bool
preliminary schoo
940104 Liuzuhua Male I—.Iechi regional
high school
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Table 3 Cleansing data being cleaned

Student Name Sex Adress
num ber
940101 Wuh ancheng Male Hepu normal academy
940102 Hexu elian Female Cangwu  county  high
school
940103 W uch enew ei Male Heshan city preliminary
neng school
940105 Liu zuh ua Male Hechi regional high school
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(2) , “ Dept”’
“ Department
(3) , “uesy
“ University of California, San Diego’;
(4)

“ California

., “ Caltech”
Institute of Technology .
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> SQL
SQL
SQL
SQL SQL
2 STU ,
CREATE TRANSM 1
SELECT s. stuid, s. name, s. sex, s.city,
s- school
FROM STU s
LET [ city, school ] = ExtractAddress

(s. address)

s-sex = if (s sex =
RETURN" "

ELSE RETURN " "

= “M”) THEN
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(city,
school) . LET

<var _ name> =

< expression> . ,
FROM ,
SELECT
LET FROM
, SELECT ,
INTO < table>
STU, 2 ,
NORM- STU,
STUNUM,
) M1
, IN TO ,

CREATE TRANS M 1
SELECT s stuid, s. name, s.sex, s.city,
s- school INTO NORM-STU
SELECT s. stuid, s- name INTO STUNUM
FROM STU s

LET  [city, school ] = Extract Address
(s.address)
s.sex = if(s.sex = = “M”) THEN
RETURN" "
ELSE RETURN" "
4
Visual G- + 6.0
" CPU Intel
1. 7GHz, 256M B ,
Window s2000.
. . . . 7
875
2412 . 2
218 14

S A 20054 5H # 12EF 28

) [7]
3[7J
, . 5 A,
A2,B1,B2,Ch, {A1,A2}, {B1,B2}
? ? {A17

Ci},{B1,B2}
3/K 1000 = 7% .
47
1/4
X 100% = 23 .

1/K 1000 = 2% .

[31

4
Table 4 Efficient and correct comparing in different
methods

Used method Call Error

(k="16)
Sorted—-neighbor method hefore data 0. 970 0. 165
pre-processing (k= 16)
(k= 9)
Sorted—neighbor method before data 0.94 0.24
pre—processing (£=8)
(k= 16)
Sorted—neighbor method after data 0. 972 0.11
pre—processing (K= 1
(k= 8)
Sorted—neighbor method after data 0. 965 0.20
pre-processing (k= 8)
Canopy
Canopy clustering method to detect 0. 966 0.18
duplicate record before data pre—processing
Canopy
Canopy clustering method to detect 0.976 0.1
duplicate record after data pre—processing
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