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Abstract : Taking the octanol-water partition coefficient logK,, ,the energy of the lowest unoccupied
molecular orbital E;ywo, and the energy of the highest occupied molecular orbitl Exyomoas described
variables,and the highest leave-one-out (LOO) rate and the lower number of support vector samples
and bounded support vectors as criterion of searching the optimum parameters of SVM, a
classification problem about the model of aquatic toxicity action of 3 sets organic compounds (the
number of compounds are 190, 221 and 88 respectively) has been built by the SVM) (Support
Vector Machines) technique. The result shows that the misclassified numbers of 3 sets compounds
are 0,2,0 for C-SVC with RBF kernel and 9,17, 7 for train-set while the 3 sets of parameters are ¢
=512 Y=12,c=512 Y=0. 248 and ¢ =512 Y= 0. 512 respectively. The qualities of SVM’s
classification models are relation to the selection and number of descriptors and would be improved
after adding the number of descriptors.
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Table 2 The models of SVM in 3 systems and the number of correctly cognized samples respectively

E B /8 R P31 R A 3
Thq number of correct
S‘;’; tfm Man Myss /misclassified samples
Man Mz/s
80 59
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Table 3 The classified effect of 3 descriptors in 3 systems

respectively
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