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Abstract By means of a new curve search rule, we propose a new memory quasi-New ton method for

unconstrained optimization problems. A global convergent result is proved and numerical

experiments are carried out- The stepsize of the new algorithm is determined by the new curve

search rule. The search direction not only make use of the current iterative information but also the

previous iterative information. Moreover, the search direction and the step-size are determined

simultaneously at each iteration. Numerical results show that the algorithm is effective.
Key words unconstrained optimization, memory quasi-New ton method, global convergence, curve

search rule
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