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Abstract: The Alternating Direction Method of MultipliersC(ADMM) is an effective method for
large scale optimization problems. While the convergence of ADMM has been clearly recognized
in the case of convex,the convergence result of ADMM in the case of nonconvex is still an open
problem. In this paper,under the assumption that the augmented Lagrangian function satisfies
the Kurdyka-Lojasiewicz inequality and the penalty parameter is greater than a constant,we an-
alyze the convergence of ADMM for a class of nonconvex optimization problems whose objec-
tive function is the sum of two block nonconvex functions.
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