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Fig. 3 Map of user geographic distribution
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Fig. 4  Statistical graph of time series of sale-purchase

information of sugar orange
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Table 3 Statistics of sale-purchase information of sugar orange

Fequency HfH =
s 1] / A /il
(E-H) Ratio= Sale
Time/ MEER W 15 B information/
(year-month) Sale Purchase Purchase
information information information
2017-10—2018-03 594 32 18.562
2018-10—2019-03 264 17 15.529
2010-10—2011-03 74 5 14. 800
2011-10—2012-03 220 16 13.750
2015-10—2016-03 291 23 12. 652
2016-10—2017-03 240 22 10. 909
2008-10—2009-03 59 6 9. 833
2019-10—2020-03 215 27 7.963
2009-10—2010-03 168 22 7.636
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Continued table
L718/¢
Fequency Al =
fif ] / i /Wl
GE-JD Ratio=Sale
Time/ HEER W 15 B information/
(year-month) Sale Purchase Purchase

information information information

2013-10—2014-03 62 9 6. 889
2014-10—2015-03 113 18 6.278
2012-10—2013-03 40 7 5.714
2020-10—2021-03 74 16 4.625
2007-10—2008-03 17 5 3. 400
2021-10—2022-03 47 17 2.765
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Table 4 Centrality indicators of user nodes

e e EUEE LR R L
No User 1D Degre'e Betweenpess Elgenve?tor
' centrality centrality centrality

1 R ox o« Af 1122 1 096 484. 625 98.424

2 B oxox 261 267 478,531 1.595

3 Bl o* * 08 237 483 970. 031 23.203

4 11 % x H 210 409 564. 406 1.463

5 11 % % 5, = 208 0. 000 0. 381

6 B 8 192 566 111. 000 1.578

7 6lx % 3, % 192 0. 000 0.051

8 x4 176 1765.160 0. 006

9 yu* % ml 141 178 106. 891 2.381

10 T * %06 136 233 900.516 14. 663

Note:the table lists top 10 users from a total of 4 243 users based on

the degree centrality.
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Online Interaction of Agricultural Products Based on WAE Top-
ic Model and Social Network: A Case Study of “Sugar Orange
Bar”

YUE Fang,GAO Ziya,FAN Maorui.ZHANG Faming,XIAO Jijun™ "

(Business School, Guilin University of Electronic Technology,Guilin, Guangxi, 541004 ,China)

Abstract : To make better use of agricultural information resources, this paper takes the data of “Sugar Orange
Bar” on Baidu Post Bar as the research object to conduct data mining on the disordered online interactive in-
formation of agricultural products,so as to promote the application of big data technology in the information
dissemination of agricultural products. Firstly,based on Wasserstein Auto-Encoder (WAE) and Gaussian pri-
or,the topic model (WAE-G) is constructed and applied to the topic recognition and extraction of interactive
information. Then,social network analysis is employed to cluster interactive users and explore the topics be-
tween clusters and the key users of the network. The results of empirical analysis verify the validity of the
model,and the extracted topic information reflects the information demand of users,the current situation of
market supply and demand,and the bottleneck in the development of the industry. At the same time, the re-
sults of social network analysis reveal the thematic differences of user communication in different communi-
ties and the role of key users in the dissemination of information.

Key words:agricultural products;interactive behaviors; Wasserstein Auto-Encoder (WAC) ; topic analysis; so-

cial network analysis
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