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Abstract;: The BP neural network based on the improved particles warm optimization (IPSO)
was proposed in this paper to improve the prediction accuracy of the distribution center loca-
tion selection. The simulation results shown that prediction accuracy of the IPSO-BP neural
network algorithm was better than that of conventional BP neural network algorithm. IPSO
-BP neural network algorithm improved not only the convergence speed of the network but
also the prediction accuracy.
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