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Orthogonal Haar Transform for Eyebrow Recognition
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Abstract:[Objective] To improve the efficiency of current method on the eyebrow recogni-
tion. [Methods] Orthogonal Haar Transform Eyebrow Recognition method was established
by using fast orthogonal Haar Transform template matching algorithm (FOHT). The ap-
proaches of maximum standard template and adaptive threshold were used to solve the prob-
lems of FOHT,which could only process the situation of standard template and need to set
the threshold manually. These methods increased the automatic degree of eyebrow recogni-
tion,and improved the recognition efficiency. [ResultsJExperimental results showed that the
recognition efficiency of the proposed method increased about 32% than that of the original
method. [ Conclusion] The orthogonal Haar transform eyebrow recognition method shows
better real-time performance and is practically valuable for the promotion and application of
eyebrow recognition.

Key words: eyebrow recognition, orthogonal Haar transform, template matching, maximum
standard template,adaptive threshold
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