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Abstract: With the continuous updating and development of Web technology,the knowledge
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graph has been favored by various fields with its powerful semantic processing ability and
open interconnection ability. The various walks of life are building the knowledge graphs in
their own fields. How to extract required knowledge concepts from different data sources to
build the knowledge graph becomes a key technology. The more complete the concept extrac-
tion,the more comprehensive the knowledge map, the higher the value of the use. This paper
expounds the concept of the knowledge graph extracted from different data sources in order
to guide scholars to choose a reasonable method for academic analysis and enhance the appli-
cation level of the knowledge graph.
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