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Fig. 18 Trajectory (a) and trajectory error (b) curves in robot moving
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Fig. 19 Error curves of wheel linear velocity (a) and angular velocity (b) in robot moving
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Motion Control Technology of Lower Limb Rehabilitation Robot
Based on Human Posture Information

ZHAO Peng' ,GAO Xueshan'?,NIU Jundao’, HAO Liangchao®

(1. School of Electrical, Electronic & Computer Science, Guangxi University of Science and Technology, Liuzhou, Guangxi.,
545006, China; 2. School of Mechatronical Engineering, Beijing Institute of Technology, Beijing, 100081, China; 3. School of Me-
chanical and Automotive Engineering, Guangxi University of Science and Technology, Liuzhou, Guangxi, 545616, China)

Abstract:In order to solve the following control problem of intelligent auxiliary equipment for postoperative
rehabilitation training of patients with lower limb motor dysfunction,a motion control method of lower limb
rehabilitation robot based on human posture information was proposed. According to the structural character-
istics and functional requirements of rehabilitation robots,the motion data acquisition system and kinematics
model of lower limb rehabilitation robot were established. The human behavior information acquisition sensor
system on the robot platform was constructed. By analyzing the data collected by the displacement sensor, the
relevant information representing the change of human posture behavior was obtained. The expected follow-
ing speed of the rehabilitation robot was calculated by the upper computer. The tracking controller was de-
signed based on fuzzy PID control algorithm. It is verified through simulation and experiment that the control
algorithm can effectively reduce the error of the robot in real-time tracking the user's movement,and achieve
a good follow-up effect of the rehabilitation robot on the human motion posture.

Key words: rehabilitation robot, motion data acquisition, kinematics modeling, fuzzy PID algorithm, motion
control
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Optimal Design of Weight Reduction Unit for Rehabilitation Ro-
bot Based on NSGA-[| Algorithm

LIU Huan',GAO Xueshan"?,LU Pengfei' sSHI Yongjie® . LU Jiale’ s HAO Liangchao',
NIU Jundao',ZHAO Peng® ,CHE Hongjuan®

(1. School of Mechanical and Transportation Engineering. Guangxi University of Science and Technology. Liuzhou, Guangxi,
545616, China; 2. School of Mechatronical Engineering. Beijing Institute of Technology.Beijing,100081,China; 3. School of Elec-
trical and Information Engineering,Guangxi University of Science and Technology, Liuzhou, Guangxi,545006,China)

Abstract: One of the rehabilitation training treatments for patients with lower limb movement disorders is
weight reduction walking training. A mobile lower limb rehabilitation training robot can not only follow and
protect patients,but also realize weight reduction gait training for them. For the weight reduction unit,one of
the core components of the robot,a heuristic design algorithm is proposed in this study,which can avoid the
structural optimization difficulties caused by the complex factors of the mechanism itself and obtain the
multi-objective optimization solution set. The design parameters of the weight reduction unit mechanism are
determined in the multi-objective optimization problem by the non-dominated ranking genetic algorithm with
elite strategy (NSGA- I ). The experimental verification shows that the volume of the weight reduction unit
is reduced significantly,resulting in a more compact structure.
Key words: multi-objective optimization, mechanical structure,optimal design,medical-industrial integration,
NSGA-TI
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